ICROS 2026

2026379 1¥9~349, B+ EXO

el s 7w A
O o1

D 538744

1 242 malely sty

(TEL: 042-450-1764; E-mail: aeQ|s3141@ka|st.ac.kr, kh.choi@Kkaist.ac.kr)

Abstract This paper proposes an online learning method for approximating the policy of linear MPC using a
Radial Basis Function model. The proposed neural-network-based policy updates its weights online to minimize
the MPC cost function. The resulting policy shows behavior similar to that obtained from a QP-solver-based
MPC with a shorter computation time. The proposed method is validated through MATLAB simulations of

IPMSM current control system.
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